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Qualitative Results

e Attention rollout selects

What kind of vehicle
is in the front of the

relevant image regions that photo? The answer is === e,

truck because it's a

correspond to the question. pickup.

® The translations are fluent and

refer to visual elements. What kind of place is

this? The answer is
train station because @}
it's the only place the ===

® The translations contain visual

information from the attention ,
train goes.

patterns.

What is this man
doing? The
answer is playing
tennis because
he is a tennis
player.

Does the bus like
the kids? The
answer Is yes
because the bus
is a school bus.
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Conclusion

into natural language.

explanation method.

e /S-A2T translates aggregated

the attention of a VQA model

® Our method does not need
training and can be used with

any language model or visual



